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Prediction of Urban Rail Transit Train Stop
Accuracy Based on LSTM Network

XIE Jiaqgi, ZOU Xihua, WANG Xiaoyong, BI Wen-
feng, HUA Zhichen

Abstract In order to solve the problems of standard devia-
tion and non-standard deviation in the process of automatic rail
transit train parking, an effective solution is proposed based on
the analysis of running log big data and the LSTM (long and
short term memory ) network algorithm. Firstly, the big data
analysis is conducted for a large amount of historical informa-
tion on train parking accuracy in the running log. In which the
data is divided into stages with 1 d as a statistical cycle, then,
the data is preprocessed and multi-type fitted. After compari-
son, the time series of the best fitting parameters is obtained.
On this basis, a deep learning model is built by LSTM network
algorithm to predict the distribution of automatic train parking

accuracy. Finally, based on the historical data of train parking
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accuracy of a subway line in Chengdu, the LSTM prediction
model is trained and verified. Results show that the prediction
model can meet the statistical requirements for the similarity
greater than 0.9. Thus, the effectiveness and accuracy of the
model are verified.
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tribution; stop accuracy prediction
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Fig.1 Prediction and analysis algorithm framework of

automatic train parking accuracy
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Fig.2 Overall distribution of train parking accuracy and 4 kinds of distribution fitting
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Tab.1 Weibull distribution parameters of train

parking accuracy
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Fig.3 Prediction results of shape parameters and scale parameters obtained by Weibull distribution
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