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Fault Diagnosis Model for EMU Bogie Bearing
Based on LSTM

LIU Guannan, CHANG Zhenchen, GAO Mingliang,
ZHAO Ming, GAO Shan

Abstract Bogie axle box bearing is a key component of
EMU bogie, its operation quality directly affects the EMU op-
eration safety. Based on deep learning algorithm, the charac-
teristics of bearing vibration signal time series and the advanta-
ges of LSTM (long-short term memory) in dealing with time
series are used, to identify the fault state of bearing by way of
constructing an LSTM model. Then, a prediction software
based on deep learning is developed, so as to realize the early
classification and diagnosis of bearing faults. The simulation
and test results show that the diagnostic model can effectively
improve the identification accuracy of fault diagnosis, the
goodness of model fitting and the identification accuracy rate
could reach 90% and 98% respectively.
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